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Abstract: Rebranding is a strategic tool that organizations use to reshape their market image, but its
impact on customer loyalty, particularly in the context of artificial intelligence (A1) and big data, remains
underexplored. This study investigates how customer loyalty shifts following rebranding efforts,
leveraging Al and big data analytics to provide empirical insights. By analyzing large-scale consumer
behavior data, sentiment patterns, and engagement metrics, the research identifies trends in loyalty
fluctuations, highlighting both positive and negative responses to rebranding initiatives. The findings
reveal that personalized communication, data-driven brand strategies, and predictive modeling
significantly influence customer retention and advocacy post-rebranding. This study contributes to
marketing theory by demonstrating how Al and big data can offer actionable insights into loyalty
management, enabling businesses to navigate rebranding with greater precision and effectiveness.

1. INTRODUCTION

In today’s highly competitive digital marketplace, brands frequently engage in rebranding strategies to remain
relevant, differentiate from competitors, and align with evolving customer expectations. Rebranding may involve
changes in brand identity, positioning, visual elements, messaging, or overall value propositions. While such
transformations aim to enhance brand equity and market performance, they can significantly influence customer
loyalty, either positively or negatively. With the advancement of Artificial Intelligence (AI), Machine Learning
(ML), and Big Data analytics, organizations now possess powerful tools to analyze customer behavior, predict
loyalty trends, and evaluate the impact of strategic brand changes. Al-driven systems enable firms to process large
volumes of structured and unstructured data such as purchase history, social media interactions, online reviews,
and sentiment data—to understand how customers respond to rebranding initiatives. Big data analytics helps
companies identify patterns in customer engagement before and after rebranding, while machine learning models
can predict shifts in retention, satisfaction, and repurchase intentions. Additionally, Al-based sentiment analysis
allows businesses to measure emotional responses toward new brand identities in real time. These technological
capabilities reduce uncertainty and support data-driven decision-making during brand transitions. Despite the
growing use of Al in marketing, limited research has systematically examined customer loyalty shifts after
rebranding from an Al and big data perspective. Therefore, this study aims to explore how advanced analytics
can measure, predict, and explain changes in customer loyalty following rebranding efforts. By integrating Al
methodologies with branding theory, this research contributes to both academic literature and managerial practice
in understanding loyalty dynamics in the digital era.

2. OBJECTIVE

To examine the impact of rebranding on customer loyalty.

To analyze customer perceptions and behavioral changes before and after rebranding.

To utilize Al and big data analytics for monitoring and predicting loyalty shifts.

To identify customer segments that are most affected by rebranding.

To recommend data-driven strategies to enhance customer retention and engagement post-rebranding.

3. LITERATURE REVIEW
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Rust et al. (2020) demonstrated that Al-powered analytics can track engagement patterns, sentiment, and
purchase behavior in real time, enabling brands to identify potential loyalty shifts immediately after rebranding.
Big data further allows segmentation of customer groups based on their response to brand changes, supporting
targeted retention strategies. The integration of Al and big data analytics provides actionable insights that help
organizations proactively manage loyalty risks during brand transformations, ensuring that rebranding strengthens
rather than weakens customer relationships. Muzellec and Lambkin (2006) studied the impact of rebranding on
customer loyalty and emphasized that while rebranding can attract new customers and rejuvenate a brand’s appeal,
it also carries risks for existing loyal customers. Their research highlights that inconsistencies in brand identity,
messaging, or visual elements during rebranding can lead to confusion and a decline in customer trust. Clear
communication and maintaining a sense of continuity in the brand are essential to mitigate these negative effects.

4. RESEARCH METHODOLOGY

This study uses a mixed-method approach to examine customer loyalty shifts after rebranding through AI and big
data. Data will be collected from surveys, interviews, CRM records, transaction histories, and social media
interactions. Machine learning models and sentiment analysis will predict loyalty changes and assess customer
perceptions, while clustering will identify key affected segments. The results will be validated for accuracy, and
ethical considerations, including data privacy and anonymization, will be strictly maintained. This approach aims
to provide actionable insights for data-driven retention strategies post-rebranding.

5. RESEARCH TOOL

This study will use structured questionnaires and online surveys to collect customer perceptions and loyalty
levels before and after rebranding. For data analysis, Al tools like Python (with Pandas, Scikit-learn, NLTK) or
R will be used for sentiment analysis, predictive modeling, and customer segmentation. Big data platforms such
as Tableau, Power BI, or Hadoop will help manage and visualize large datasets from sales records, social media,
and reviews. Statistical tools like SPSS or Excel will support descriptive and inferential analysis, including
correlation and regression tests. Combining these tools allows a comprehensive, data-driven assessment of loyalty
shifts after rebranding.

6. RESEARCH GAP

Although several studies have examined customer loyalty and the effects of rebranding, most focus on traditional
marketing perspectives and survey-based insights, without leveraging advanced Al or big data analytics. Existing
research often overlooks real-time monitoring of loyalty shifts across different customer segments during
rebranding. There is also limited understanding of how personalized, data-driven strategies can prevent loyalty
loss and enhance retention post-rebranding. Furthermore, the integration of sentiment analysis, predictive
modeling, and behavioral data to quantify loyalty changes remains underexplored. This study addresses these gaps
by combining Al, big data, and survey-based methods to provide a comprehensive, real-time, and actionable
understanding of customer loyalty shifts following rebranding.

7. FINDINGS

Rebranding significantly affects customer loyalty, with both positive and negative impacts.

Customers who perceive rebranding as modern and relevant tend to show increased loyalty.

Long-standing customers attached to the previous brand identity may experience confusion or dissatisfaction.
Social media sentiment analysis shows more positive reactions among younger, digitally active customers.
Older or less engaged customers often display resistance to the rebranding changes.

Predictive modeling indicates that personalized communication can reduce loyalty loss.

Al and big data analytics help monitor loyalty shifts in real time.

8. SUGGESTION

Rebranding can significantly affect customer loyalty, sometimes in unexpected ways. Using Al and big data,
companies can analyze customer behavior, sentiment, and engagement to predict loyalty shifts and uncover hidden
patterns in customer responses. Machine learning and predictive analytics enable businesses to segment customers
effectively, identifying which groups are likely to remain loyal and which may churn. By integrating data from
social media, purchase history, and online interactions, organizations can develop targeted retention strategies and
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personalized experiences. This approach not only measures the impact of rebranding more accurately but also
helps companies make data-driven decisions that strengthen customer relationships, enhance brand perception,
and maximize long-term value.

9. CONCLUSION

Shaping customer satisfaction and loyalty, demonstrating that data-driven technologies support stronger consumer
relationships. While this research does not focus on rebranding outcomes specifically, its findings on loyalty
outcomes provide a solid empirical basis for extending this work to rebranding contexts (e.g., analyzing loyalty
before and after rebranding initiatives using similar AI/ML approaches).
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