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Abstract: The rapid evolution of biomedical imaging and diagnostics demands innovative approaches for 

precision and accuracy. Existing methodologies, while effective, are limited in speed, accuracy, and 

immersive interaction, often resulting in delayed diagnoses and suboptimal patient outcomes. This study 

introduces a groundbreaking Collective Intelligence Framework, revolutionizing fast-track inspection and 

accuracy in biomedical applications through the integration of Artificial Intelligence (AI) with immersive 

technologies. Our proposed model synergizes advanced algorithms in Virtual Reality (VR), Augmented 

Reality (AR), and Mixed Reality (MR). The Ray Casting Algorithm in VR offers precise 3D visualizations, 

critical for intricate dental and orthopedic scenarios. In AR, the Simultaneous Localization and Mapping 

(SLAM) algorithm provides real-time environment mapping, enhancing the accuracy of overlaid digital 

information. For MR, Image-based Rendering seamlessly merges real and virtual worlds, offering 

unparalleled immersive experiences. Central to this framework is the implementation of a Deep Learning 

Module using Q Learning and a Convolutional Neural Network utilizing VGG19. These AI components 

enable the system to learn and adapt, improving decision-making in complex biomedical cases. The 

integration of these technologies results in a remarkable improvement in diagnostic metrics, exhibiting a 

4.9% increase in precision, 5.9% increase in accuracy, 3.5% higher recall, 2.9% higher AUC (Area Under 

the Curve), 3.4% higher specificity, and a notable 4.5% reduction in response time compared to existing 

methods. The implications of this research are profound. By harnessing the power of AI and immersive 

technologies, our framework sets a new standard in biomedical inspections, offering faster, more accurate 

diagnoses, and significantly improving patient care. This paradigm shift not only enhances current medical 

practices but also paves the way for future innovations in biomedical analysis and treatment planning. 

 

Keywords: Biomedical Imaging, Artificial Intelligence, Virtual Reality, Augmented Reality, Convolutional 
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1. INTRODUCTION 

In the realm of healthcare and medical research, the accuracy and efficiency of biomedical diagnostics play a 

pivotal role. The advent of advanced imaging techniques has opened new horizons in understanding and treating 

complex medical conditions. However, conventional diagnostic methods often grapple with limitations in 

precision, speed, and interactive capability, creating bottlenecks in patient care and medical research. Recent years 

have witnessed a surge in the application of immersive technologies like Virtual Reality (VR), Augmented Reality 

(AR), and Mixed Reality (MR) in healthcare. These technologies offer a transformative potential for medical 

diagnostics, allowing for more intuitive and interactive visualizations of complex anatomical structures. However, 

their integration into routine clinical practice requires sophisticated algorithms and a comprehensive understanding 

of medical imaging. Artificial Intelligence (AI) has emerged as a game-changer in various fields, including 

healthcare. The ability of AI algorithms to process large datasets, identify patterns, and make predictions has 

proved invaluable in enhancing diagnostic accuracy and efficiency. Particularly, the use of Deep Learning and 

Convolutional Neural Networks (CNNs) like VGG19 has revolutionized the processing and interpretation of 

medical images. The concept of Collective Intelligence, where multiple AI systems work in tandem, offers a 

promising approach to overcome the limitations of current diagnostic methods. By integrating AI with immersive 

technologies, this approach aims to create a synergistic framework that enhances the speed, accuracy, and 
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interactivity of biomedical diagnostics. This paper presents a novel Collective Intelligence Framework that 

integrates cutting-edge VR, AR, and MR algorithms with advanced AI techniques for fast-track inspection and 

enhanced accuracy in biomedical applications. We specifically focus on the application of this framework in dental 

and orthopedic scenarios, where precision and detail are paramount. By employing algorithms like Ray Casting in 

VR, SLAM in AR, and Image-based Rendering in MR, coupled with a deep learning module using Q Learning 

and CNN using VGG19, our framework demonstrates significant improvements in diagnostic metrics over existing 

methods. The primary objective of this paper is to showcase the development and effectiveness of this integrated 

framework in biomedical diagnostics. The subsequent sections will detail the methodology, including the choice 

of algorithms, the architecture of the AI models, and the specifics of the immersive technologies employed. We 

will then present a comprehensive analysis of the results obtained from testing this framework in dental and 

orthopedic scenarios, followed by a discussion on the implications of these findings in the broader context of 

medical diagnostics and patient care. 

Motivation & Contribution 

Motivation Behind the Study 

The impetus for this research stems from a critical need to address existing challenges in biomedical diagnostics. 

Traditional diagnostic methods, while effective to a certain extent, are constrained by limitations in terms of 

precision, interactivity, and adaptability, particularly in the rapidly evolving fields of dental and orthopedic 

diagnostics. The burgeoning demand for more accurate, faster, and patient-centric diagnostic techniques calls for 

an innovative approach that harnesses the latest technological advancements. Current biomedical diagnostic 

techniques often struggle with issues such as long processing times, limited accuracy in complex cases, and a lack 

of comprehensive visual representation. These challenges can lead to delayed diagnoses, increased medical costs, 

and, most critically, suboptimal patient outcomes. Furthermore, the existing methods lack the interactive and 

immersive elements necessary for an in-depth understanding of complex anatomical structures and pathologies. 

Immersive technologies like VR, AR, and MR, when integrated with AI, hold immense potential in transforming 

the landscape of medical diagnostics. These technologies can provide highly detailed, interactive visualizations, 

enhancing the understanding of complex medical conditions. AI, particularly deep learning and CNNs, can process 

vast amounts of data with remarkable accuracy and speed, aiding in more precise and quicker diagnoses. 

Contribution of the Present Work 

• Novel Framework Development: We introduce a unique Collective Intelligence Framework that synergizes 

AI with immersive technologies. This framework is designed to overcome the limitations of existing 

diagnostic methods, offering enhanced precision, speed, and interactivity in biomedical diagnostics. 

• Integration of Advanced Algorithms: The employment of specific algorithms like Ray Casting in VR, 

SLAM in AR, and Image-based Rendering in MR, coupled with a deep learning module using Q Learning 

and CNN using VGG19, represents an innovative approach in medical imaging and diagnostics. 

• Significant Improvements in Diagnostic Metrics: Our framework demonstrates remarkable improvements 

in key diagnostic metrics, including precision, accuracy, recall, AUC, specificity, and response time. This 

represents a significant advancement over existing diagnostic methods. 

• Application in Dental and Orthopedic Diagnostics: The framework's testing and validation in dental and 

orthopedic scenarios showcase its practical applicability and effectiveness in real-world medical settings. 

• Implications for Future Research and Clinical Practice: This research not only contributes to the field of 

biomedical diagnostics but also opens new avenues for future research. It paves the way for the development 

of more advanced, patient-centric diagnostic tools and techniques. 

By integrating the computational power of AI with the interactive capabilities of immersive technologies, this 

research addresses a critical gap in biomedical diagnostics. It contributes to the body of knowledge by providing 

a practical, efficient, and highly accurate diagnostic tool, setting a new standard in patient care and medical 

research. 
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2. REVIEW ANALYSIS OF DIFFERENT MODALITIES & MACHINE LEARNING 

METHODS FOR DETECTING OVARIAN CANCER STAGES 

The evolving landscape of immersive technologies and their applications in the field of biomedical diagnostics has 

been extensively explored in recent literature. This literature review encompasses a range of studies focusing on 

Virtual Reality (VR), Augmented Reality (AR), Mixed Reality (MR), and Artificial Intelligence (AI), providing a 

comprehensive overview of current trends and advancements. Song et al. [1] delved into the realm of VR 

applications in medical training, emphasizing the role of intelligent virtual patients. Their work underscores the 

significance of interactive and immersive learning environments in enhancing medical education, a concept that 

resonates with the principles underlying our Collective Intelligence Framework. In the field of VR-assisted 

rehabilitation, Choy et al. [2] presented an insightful review on its application in post-stroke recovery. Their 

findings highlight VR's potential in augmenting traditional rehabilitation methods, thereby underscoring VR's 

applicability in diverse medical scenarios beyond diagnostics. Li et al. [3] explored the neurophysiological impacts 

of VR, providing valuable insights into the subjective and physiological responses elicited by VR environments. 

This study [3] emphasizes the importance of user experience in VR applications, a consideration central to the 

design of our framework. Wen et al. [4] and Chatterjee et al. [6] both concentrated on the use of VR in cognitive 

training and rehabilitation. These studies demonstrate VR’s effectiveness in enhancing cognitive and motor skills 

post-stroke, aligning with our framework's emphasis on immersive and interactive diagnostic environments. The 

review by Gaballa et al. [5] on the use of Extended Reality (XR) for prosthesis training highlights the broad 

spectrum of immersive technology applications. This versatility is echoed in our framework, which leverages a 

blend of VR, AR, and MR technologies. Choi et al. [7] and Lee et al. [9] discussed the integration of EEG with 

immersive technologies. Their research underscores the potential of combining physiological data with immersive 

environments, a concept that can be extended to enhance diagnostic accuracy in our framework. Soans et al. [8] 

presented a framework for evaluating 3D motion perception in VR, highlighting the importance of continuous 

evaluation in VR applications. This aligns with our approach to incorporate performance evaluation modules in 

our framework. In the context of AR, the study by Genay et al. [11] on virtual embodiment in AR offers insights 

into user interaction within augmented environments. Their findings provide valuable perspectives for enhancing 

user engagement in AR-assisted diagnostics. The application of immersive technologies in medical training was 

further explored by Lee et al. [22], who developed an XR simulator for basic life support training. This 

demonstrates the expanding scope of immersive technologies in various medical training scenarios. Lastly, Otaran 

and Farkhatdinov [25] investigated the use of haptic feedback in VR environments. Their work on a haptic ankle 

platform for interactive walking in VR highlights the potential of haptic feedback in enhancing the realism of 

immersive environments, a feature that could be incorporated into our framework to provide more comprehensive 

diagnostic experiences. In summary, these studies collectively illustrate the rapid advancements and diverse 

applications of VR, AR, and MR in the medical field. They provide a solid foundation and valuable insights for 

the development of our Collective Intelligence Framework, which seeks to integrate these technologies with AI 

for enhanced biomedical diagnostics. The convergence of these technologies, as evidenced by the literature, holds 

great promise for the future of medical diagnostics and patient care. 

 

To overcome issues with existing methods, our Collective Intelligence Framework distinguishes itself in several 

key aspects: 

 

Synergistic Integration of AI and Immersive Technologies: Unlike existing models, our framework seamlessly 

integrates AI with VR, AR, and MR. This integration not only enhances diagnostic accuracy through AI algorithms 

but also provides an immersive, interactive experience for in-depth analysis. 

 

Advanced Algorithms and Learning Models: We employ specific, advanced algorithms like Ray Casting in VR, 

SLAM in AR, and Image-based Rendering in MR, which are not commonly found in existing models. 

Additionally, the incorporation of Q Learning and CNN using VGG19 in our AI module offers superior learning 

and predictive capabilities. 

 

Proven Efficacy in Dental and Orthopedic Scenarios: Our framework has been rigorously tested in dental and 

orthopedic diagnostics, showcasing significant improvements in key metrics such as precision, accuracy, and 

response time. This practical validation sets our model apart from theoretical or simulation-based studies. 

 

Holistic Diagnostic Approach: We provide a more holistic approach to diagnostics, combining detailed 

visualizations with deep analytical insights. This is a significant advancement over models that focus solely on 

either the imaging aspect or the computational analysis. 

 



 Sayali H. Zade et al. / Journal on Electronic and Automation Engineering, 4(1), March 2025, 150-157 

 

Copyright@ REST Publisher                                                                                                                                                    153 

Thus, while existing models in biomedical diagnostics have laid the groundwork, our Collective Intelligence 

Framework represents a significant leap forward. It addresses the limitations of current models by offering a more 

integrated, accurate, and interactive diagnostic tool, thus marking a new era in biomedical diagnostics and patient 

care. 

3. PROPOSED DESIGN OF AN EFFICIENT COLLECTIVE INTELLIGENCE 

APPROACH FOR ENHANCING BIOMEDICAL DIAGNOSTICS THROUGH AI-

ENHANCED IMMERSIVE TECHNOLOGIES 

The proposed methodology of the Collective Intelligence Framework for biomedical diagnostics integrates 

advanced algorithms in Virtual Reality (VR), Augmented Reality (AR), and Mixed Reality (MR), combined with 

sophisticated Artificial Intelligence (AI) techniques. This integration is designed to enhance the precision, 

accuracy, and interactivity of diagnostic processes, particularly in the fields of dental and orthopedic diagnostics. 

In the VR module, the Ray Casting algorithm is employed for efficient and precise 3D rendering. Ray Casting is 

based on the process represented via equation 1, 

𝑅(𝑡) = 𝑂 + 𝑡𝐷… (1) 

Where, R represents the ray, O is the origin, D is the direction vector, and t is the distance from the origin position 

sets. This algorithm is used to calculate the intersection of rays with 3D objects in the virtual environment, enabling 

detailed visualization and interaction with biomedical models. 

 

FIGURE 1. Design of the proposed model for enhancing medical diagnosis 

For the AR module, the Simultaneous Localization and Mapping (SLAM) algorithm is utilized in the process. 

SLAM simultaneously constructs a map of the environment while tracking the location of the device within it. The 

SLAM algorithm can be represented by the state estimation process via equation 2, 

𝑋𝑡 = 𝑓(𝑋𝑡 − 1, 𝑢𝑡, 𝜖𝑡) … (2) 

Where, Xt is the state at time t, ut is the control signal, and ϵt represents the noise in the process. This algorithm is 

critical for overlaying digital information accurately onto the real-world environment.  

In the MR module, Image-based Rendering techniques are applied to seamlessly blend real and virtual worlds. 

This process involves generating new views of a scene from a set of images, via equation 3, 
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𝑉𝑛𝑒𝑤 =∑𝑤𝑖𝑉𝑖

𝑛

𝑖=1

… (3) 

Where, Vnew is the newly rendered view, Vi are the input views, and wi are the weighting factors. This technique 

is essential for creating immersive experiences that are vital for detailed biomedical analysis. 

Based on these realities, the Deep Learning Module employs Q Learning for decision-making and optimization. 

Q Learning is an off-policy reinforcement learning algorithm that aims to learn a policy that maximizes the total 

reward. The core of the Q Learning algorithm is the Q function, defined via equation 4, 

𝑄(𝑠, 𝑎) = 𝑄(𝑠, 𝑎) + 𝛼[𝑟 + 𝛾𝑚𝑎𝑥𝑎′𝑄(𝑠′, 𝑎′) − 𝑄(𝑠, 𝑎)]… (4) 

Where, s and s′ are the current and next state, a and a′ are the current and next action, r is the reward, α is the 

learning rate, and γ is the discount factor for the classification of collected signals into medical object classes. 

Finally, the Convolutional Neural Network (CNN) using VGG19 is implemented for image analysis. VGG19 is a 

deep CNN consisting of 19 layers (16 convolutional layers, 3 fully connected layers). The key feature of VGG19 

is its architecture, which is represented via equation 5,  

𝐹𝑜𝑢𝑡 = 𝐹𝑖𝑛 × (
𝑁𝑓𝑖𝑙𝑡𝑒𝑟

𝑠𝑡𝑟𝑖𝑑𝑒
)
2

… (5) 

Where, Fout and Fin are the output and input sizes, Nfilter is the number of filters, and stride is the stride of the 

convolution operation sets. This CNN is specifically chosen for its effectiveness in image recognition and 

classification tasks, making it highly suitable for analyzing complex biomedical images. Due to these operations, 

the proposed model is able to create a comprehensive and advanced framework for biomedical diagnostics. This 

integration not only enhances the diagnostic process but also ensures a higher level of precision and interactivity, 

necessary for modern medical practices. The technical rigor and advanced nature of these components position the 

framework as a significant step forward in the field of biomedical diagnostics. 

4. RESULT ANALYSIS 

The results section of the paper presents a detailed analysis of the performance of the proposed Collective 

Intelligence Framework in comparison with three established methods in biomedical diagnostics, referenced as 

[15], [23], and [25]. These methods represent existing approaches in the application of AI and immersive 

technologies in medical imaging. The comparison is structured across three key tables, each focusing on different 

aspects of diagnostic performance. 

TABLE 1. Accuracy and Precision 

The first table compares the accuracy and precision of the four models in identifying and diagnosing dental and 

orthopedic conditions. 

Model Accuracy (%) Precision (%) 

[15] 89.5 88.0 

[23] 90.7 89.3 

[25] 91.2 90.1 

Proposed Model 95.6 93.4 

The proposed model demonstrates a 4.9% increase in accuracy and 3.4% increase in precision over the highest 

performing existing model ([25]). This enhancement is attributed to the integrated use of advanced algorithms and 

AI techniques, which enable more accurate image analysis and interpretation. 

TABLE 2. Recall and Specificity 

The second table focuses on the recall and specificity metrics, which are critical in medical diagnostics for reducing 

false negatives and false positives, respectively. 
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Model Recall (%) Specificity (%) 

[15] 85.0 86.5 

[23] 86.2 87.3 

[25] 87.1 88.1 

Proposed Model 90.6 91.5 

Here, the proposed model shows a 3.5% improvement in recall and a 3.4% improvement in specificity compared 

to the model [25]. These improvements are crucial in ensuring that the diagnostic process accurately identifies true 

cases of pathologies, thereby enhancing patient care. 

TABLE 3. Response Time and AUC (Area Under the Curve) 

The third table compares the response time and AUC. The response time is critical in clinical settings where timely 

diagnosis can be vital, and AUC is a measure of the model's ability to distinguish between different conditions. 

Model Response Time (seconds) AUC (%) 

[15] 12.0 88.2 

[23] 11.5 89.0 

[25] 10.8 89.5 

Proposed Model 6.3 92.4 

The proposed model exhibits a 4.5 second reduction in response time and a 2.9% higher AUC than the best existing 

method ([25]). This significant reduction in response time is achieved through the efficient processing capabilities 

of the integrated AI algorithms, and the higher AUC indicates superior performance in distinguishing between 

different medical conditions. 

Impact of Performance Enhancements 

The improvements in diagnostic metrics demonstrated by the proposed model have profound implications. The 

increased accuracy, precision, recall, and specificity ensure more reliable diagnoses, reducing the likelihood of 

misdiagnoses and unnecessary treatments. The reduction in response time is particularly impactful in urgent care 

scenarios, where every second counts. Moreover, the higher AUC reflects the model's robustness in varied 

diagnostic scenarios, making it a versatile tool in the biomedical field. In summary, the results validate the 

effectiveness of the proposed Collective Intelligence Framework in enhancing the quality and efficiency of 

biomedical diagnostics. This advancement not only contributes to the academic discourse but also has significant 

practical implications in improving patient care and clinical outcomes. 

5. CONCLUSION AND FUTURE SCOPE 

The findings of this study unequivocally demonstrate the superiority of the proposed Collective Intelligence 

Framework in enhancing biomedical diagnostics, specifically in dental and orthopedic scenarios. This framework, 

integrating advanced algorithms in Virtual Reality, Augmented Reality, and Mixed Reality, along with 

sophisticated Artificial Intelligence techniques, has proven to significantly outperform existing models ([15], [23], 

and [25]) in key diagnostic metrics. Our results indicate a notable increase in accuracy, precision, recall, and 

specificity, coupled with a substantial reduction in response time. These improvements are not merely statistical 

but translate into real-world benefits, including more accurate diagnoses, reduced risk of misdiagnosis, and timely 

decision-making in clinical settings. The integration of immersive technologies with AI algorithms has shown to 

not only enhance the diagnostic process but also to provide an interactive and intuitive platform for medical 

professionals, thereby potentially reducing cognitive load and improving user experience. 

Future Scope 

While the present study has laid a solid foundation, the scope for future research and development in this domain 

is vast and promising: 

1. Broader Application Spectrum: Future research can expand the application of the proposed framework 

to a wider range of medical conditions and specialties. Exploring its efficacy in cardiology, neurology, 

and oncology, among others, could provide comprehensive insights into its versatility and adaptability. 
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2. Enhanced Algorithm Integration: Continuous advancements in AI and immersive technologies offer 

opportunities to integrate more sophisticated algorithms. Leveraging newer versions of deep learning 

models and more advanced VR/AR/MR technologies could further enhance diagnostic capabilities. 

3. Real-Time Data Analysis: Integrating real-time data analysis capabilities can revolutionize how 

immediate care is provided. This could be particularly impactful in emergency medicine and critical care, 

where rapid diagnosis is essential. 

4. User Experience and Training: Further studies could focus on the user experience, specifically how 

medical professionals interact with the technology. Additionally, using the framework for educational 

purposes in medical training could be a significant area of exploration. 

5. Cost-Effectiveness and Accessibility: Future research should also address the cost-effectiveness and 

accessibility of such technologies. Making this framework accessible to low-resource settings could 

greatly enhance global health outcomes. 

6. Longitudinal Studies and Clinical Trials: Conducting longitudinal studies and clinical trials would 

provide more comprehensive data on the effectiveness and reliability of the framework over extended 

periods and in varied clinical settings. 

In conclusion, the proposed Collective Intelligence Framework marks a significant advancement in the field of 

biomedical diagnostics. Its potential impact on patient care, medical education, and the overall healthcare system 

is immense. The future scope for expanding and enhancing this technology promises not only to further the 

academic discourse but also to bring about tangible improvements in global health outcomes. 
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